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� A new comprehensive concept/method, supply-based feedback control strategy, is proposed.
� An adaptive utility function with simplified parameter identification method is developed.
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� Significant power reduction is achieved using the supply-based feedback control strategy.
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a b s t r a c t

Power demand response (DR) of buildings is considered as one of most promising solutions to power
imbalance and reliability issues in smart grids while demand response control of air-conditioning sys-
tems is a most effective means. A fast demand response control strategy, direct load control by shutting
down part of operating chillers, has received great attention in recent DR researches and applications.
This method, however, would lead to uneven indoor air temperature rises among individual air-
conditioned spaces due to the failure of proper distribution of limited cooling supply by the conventional
demand-based feedback control strategy commonly used today. A novel supply-based feedback control
strategy is therefore proposed to effectively solve the problems caused by the fast demand response
and power limiting control strategy. This proposed strategy employs global and local cooling distributors
based on adaptive utility function to reset the set-points of chilled water flow and air flow for each zone
and space online. Simplified offline and online identification methods, for the two parameters
respectively, ensure the convenience and robustness of the adaptive utility function in applications.
Case studies are conducted on a simulated air-conditioning system to test and validate the proposed con-
trol strategy. Results show that the proposed control strategy is capable not only to maintain even indoor
air temperature rises, but also to avoid the operation problems during DR events. Moreover, rather high
indoor relative humidity is obviously decreased. The power rebound phenomenon is also relieved and the
original comfort control of spaces can be resumed much quickly.

� 2016 Published by Elsevier Ltd.
1. Introduction

The power balance between the supply side and the demand
side of an electrical grid is a critical issue in the grid operation.
However, the rapid growth of electricity demand and the integra-
tion of large amounts of renewable generations, which heavily
depend on the weather conditions, impose huge stress on balance
of electricity grid [1]. Any power imbalance can significantly affect
the power reliability and quality, and even may lead to the grid
failure if the grid balance fails to be recovered on time. Smart grid
technology provides a promising solution for enhancing the
balance of power grids by improving the ability of electricity pro-
ducers and consumers to communicate with each other and make
decisions about how and when to produce and consume electrical
power [2]. The control of power demand at the consumer side in
response to grid requests (e.g., dynamic price and reliability infor-
mation) is known as demand response (DR). DR program, as one of
ildings
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Nomenclature

DR demand response
BTM building thermal mass
TES thermal energy storage
PCM phase change material
AHU air handling unit
VAV variable air volume
U utility value
M flow
T temperature
R cooling resource
n total number of zones/spaces

Greek symbols
k forgetting factor
e preset threshold

g preset threshold

Superscripts
k number of iteration

Subscripts
sp set-point
tot total
w water
a air
i ith zone/space
out outdoor

2 S. Wang, R. Tang / Applied Energy xxx (2016) xxx–xxx
the most important means in the electrical grid management, has
been promoted to encourage the end-users to change their load
profiles under a specified pricing policy or request of the grid,
which are dynamic or event-driven short-term modifications [3–
5]. For instance, some Regional Transmission Operators (RTOs)
and Independent System Operators (ISOs), such as Midwest ISO,
New York ISO (NYISO) and ISO New England (ISONE), have allowed
demand response resources (DRRs) to provide ancillary reserves to
maintain the balance of electricity grids [6].

Buildings, as the primary energy end-users, could play an
important role in power demand response in smart grids. Buildings
consumed 74% of electrical energy in the USA [7] and over 90% of
the total electricity in Hong Kong [8]. The interaction between
buildings and the power grids could be very effective due to elastic
nature of building energy use. The building demand management
aims at minimizing the impact of peak demand charges and
time-of-use rates on the service quality of buildings. Heating, ven-
tilation, and air-conditioning (HVAC) systems, accounting for more
than 50% of energy demand in buildings, are excellent demand
response resources to reduce or shift the electricity demand during
peak period, as well as their elastic nature [9]. In residential build-
ings, most of demand response management is to optimize the
schedule of equipment operation to reduce the electricity con-
sumption [10,11]. In contrast, the control method involved in com-
mercial buildings during peak load period, which not only achieve
economic benefits for building owners but also avail to the supply
side of electricity grids, is complicated. Load shifting and load
shedding are the two major means for peak load management in
commercial buildings. Load shedding control reduces peak electric
load in a building via turning off non-essential electrical load
[12,13].

Compared with the load shedding, load shifting which is the
process of shifting on-peak load to off-peak hours so as to take
advantage of electricity rate difference in different periods is more
commonly-used for demand side management in commercial
buildings. Four typical categories of facilities are widely used for
peak loading shifting, including: building thermal mass (BTM)
[14–17], thermal energy storage system (TES) [18–21], combined
use BTM with TES [22–24] and phase change materials (PCM)
[25–28]. However, due to inevitable energy loss in the charging
and discharging processes in peak load shifting, the peak load
reduction is realized at the expense of the increased energy con-
sumption. In addition, demand shifting control cannot achieve a
significant immediate power reduction with a short time interval
(i.e., minutes) resulting from the inherent and significant delay of
charge and discharging control processes. This demand response
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
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controls, therefore, cannot fulfill the needs of the grid real time
operation without any pricing information well in advance.

In fact, direct load control by shutting down some of the oper-
ating chillers in buildings can achieve immediate demand reduc-
tion, which has attracted the increasing attention of users. For
example, the utility company (CLP) in Hong Kong has recently
launched a pilot demand response programme, namely ‘‘Auto-
mated DR programme”, which is actually a direct load control pro-
gram. Shutting down some of chillers by the utility company
automatically and remotely when there is an urgent need in power
reduction is a major means for the direct load control for commer-
cial buildings [29,30]. However, simply shutting down chillers at
the cooling supply side will result in disorder of the entire air-
conditioning system control because the control strategies com-
monly used in centralized air-conditioning systems today are
demand-based feedback control [31]. Such demand-based feed-
back control strategies are based on the assumption that the cool-
ing supply by chillers is set to be enough to fully satisfy the
requirements of the terminal units (i.e., AHUs (air handling units)).
If the cooling supply is far from sufficient, extremely serious oper-
ation problems would be caused, such as excessive speeding of
chilled water pumps and air delivery fans, imbalanced chilled
water distribution among AHUs, and imbalanced air distribution
among VAV (variable air volume) terminals. These would result
in very large differences of indoor air temperatures among differ-
ent air-conditioned spaces and extra power consumption. Such
operation problems may also relieve the demand reduction effect
of DR control. In addition, the power rebound phenomenon is
another serious problem right after DR events. The cooling demand
during this period would be very high and individual air-
conditioned spaces compete for the cooling supply to push their
comfort levels to their original set-points. Thus, all the equipment
in the air-conditioning system will be operated at full capacity and
a huge stress will be boosted on the electricity grids during power
rebound periods.

This study therefore addresses the fast demand response by
limiting cooling supply directly allowing the commercial buildings
to actively and effectively respond to short-term pricing changes or
urgent requests from smart grids. In fact, a previous publication of
the authors of this article presented a water flow supervisor based
on adaptive utility function to effectively solve the problem of
disordered water distribution in chilled water system under the
reduced cooling supply [32]. However, that publication only
addressed the basic concept and approach of supply-based feed-
back control and demonstrated/testified its application on chilled
water systems. The comprehensive concept and common
rol strategy of air-conditioning systems for direct load control of buildings
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methodology of supply-based feedback control were not estab-
lished. The general approach of supply-based feedback control
for systems of multiple levels was not developed. The generally
applicable parameter identification method of the strategy and
the control of humidity were not addressed. In this article, these
essential aspects are further addressed and developed on the basis
of previous work. Firstly, a comprehensive concept of supply-based
feedback control strategy and associated common methodology
are developed and presented. This control strategy properly
controls the distribution of limited cooling supply among users
proactively based on the comfort feedback conditions from air-
conditioned spaces and provides a solution to the inherent opera-
tion problems of commonly-used demand-based feedback control
strategies. Secondly, the proposed control strategy employs global
and local cooling distributors based on adaptive utility function to
reset the set-points of chilled water flow and air flow for each zone
and space online while based on the monitored states finally
achieved in different zones and spaces to establish the feedback
mechanism. Thirdly, the global cooling distributor for chilled water
system and the local cooling distributors for air-side systems, for
practically realizing the proposed supply-based feedback control
for systems of multiple levels, are developed and validated.
Furthermore, a simplified practically applicable offline and online
identification methods are developed to identify the two parame-
ters of the utility function respectively. Finally, the problem of high
indoor relative humidity occurred under limited cooling supply is
considered. Case studies are conducted on a simulated air-
conditioning system including the water and air sides to test and
validate the proposed control strategy. The control performance
of the proposed supply-based feedback control strategy is evalu-
ated and compared with that using the conventional demand-
based feedback control strategy during a DR event.
2. Problems of conventional demand-based feedback control in
DR events and concept of proposed supply-based feedback
control

Almost all the automatic control strategies commonly-used
today for air-conditioning systems in buildings are demand-based
feedback control. The control mechanism of typical demand-
based feedback control of an air-conditioning system in a building
is shown in Fig. 1. The regulators, typically PID controllers,
AHU
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Fig. 1. Basic principle of deman
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modulate the cooling intakes from their suppliers to maintain the
states of the spaces served by the terminal units (or states of AHU
outlets) at their set-points.

The control of cooling distribution in an air-conditioning system
is based on the cooling demands of individual air-conditioned
spaces, i.e., demand-based feedback control. The cooling generated
by chillers is delivered to the cooling demand side (i.e., indoor
spaces) based on their cooling loads. Each AHU and its regulator
form a local feedback control loop, which controls the cooling
(i.e., chilled water) taken from its supply side (i.e., chillers) based
on what needed by the terminal units served by the AHU, typically
controlling the supply air temperature at the expected value (i.e.,
set-point). Such control assumes that all AHUs can get what they
need from chillers. In fact, it is the case as the control of chillers
is also based on the demands of the AHUs they serve. Similarly,
the cooling (i.e., air flow) taken by each terminal unit from its sup-
ply side (i.e., AHU) is also based on what needed by space it serves,
typically controlling the space air temperature at its set-point.
Again, this control is based on the assumption that all terminal
units can get what they need from AHUs. The distribution of the
cooling in a building is therefore managed based on those stan-
dalone demand-based feedback control loops.

The distribution of the cooling based on the demand-based feed-
back control loops can be managed properly in normal conditions
while the total demand to each device is not more than what it
can provide and all users can get what they need from their suppli-
ers. However, after shutting down some of operating chillers during
DR events, the cooling supply is limited and not enough to meet the
cooling demand of the building. Serious unbalanced cooling distri-
bution and system operation/control problems would occur both at
the water side and the air side of the air-conditioning system. With
limited cooling supply, all cooling devices at demand side (e.g.,
AHUs and VAV boxes) would compete for the limited cooling sup-
ply. The modulating valves/dampers of most cooling devices at
their demand side will be fully opened quickly as they could not
maintain the controlled variables at their set-points. The cooling
distributions both among water side users (i.e., individual zones)
and air side terminal units (i.e., individual spaces) will not be evenly
reduced, which would lead to the indoor environments in part of
zones/spaces sacrificing to unacceptable levels much more quickly
than other zones/spaces. The high supply air temperatures of AHUs
would also cause the relative humidity in certain spaces beyond the
comfortable range seriously. In addition, secondary chilled water
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pumps at the water side and supply fans at the air side would be
operated at full speed. It is due to the need to maintain the preset
differential pressure by secondary chilled water pumps and the sta-
tic pressure by supply fans in the condition of fully opened valves.
The excessive speeding of secondary chilled water pumps and air
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
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delivery fans would result in significantly increased power con-
sumption and relieve the effects of DR control on power reduction.
Furthermore, right after DR events, namely power rebound period,
similar operation problems would occur again until the air-
conditioning system resumes to the normal condition.
rol strategy of air-conditioning systems for direct load control of buildings
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A completely new control concept, supply-based feedback con-
trol strategy, is proposed to solve the inherent operation problems
effectively during DR events and rebound periods as shown in
Fig. 2. At the chilled water side, the supply-based feedback control
(i.e., global cooling distributor) manages the distribution of the
total available chilled water (i.e., total cooling supply) among the
individual zones based on the measured average space tempera-
tures of all zones aiming at keeping space temperatures of all zones
the same (rising gradually during DR events). Similarly, at the air
side, the supply-based feedback control (i.e., local cooling distribu-
tor) manages the distribution of the total available cooling supply
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
responding to urgent requests of smart grids. Appl Energy (2016), http://dx.do
of an AHU among the individual spaces based on the measured
space temperatures of all spaces in the zone aiming at keeping
temperatures of all spaces the same.

Same to the conventional (demand-based) feedback control
strategies widely used today, the supply-based control strategy
also based on the actual measurements as the feedback to ensure
the accuracy, adaptiveness and simplicity of cooling distribution
as it is hard for a simple predictive control to achieve the same con-
trol performance due to the complexity and every change of condi-
tions and disturbance factors. In fact, major difference compared
with the conventional control strategies is that all the feedbacks
rol strategy of air-conditioning systems for direct load control of buildings
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are from the end-user side (i.e., space indoor temperature) rather
than from their immediate outlets (e.g., outlet air temperatures
of AHUs).
3. Proposed fast demand response and power limiting control
strategy

Compared with traditional power grids, smart grids enable a
bidirectional operation (i.e., ‘‘two ways” connection with power
flow and information flow) to improve power reliability and
energy performance. Buildings are the major energy consumers
today and their shares are still increasing due to the urbanization.
Buildings can benefit power grids by relieving the pressure of
power imbalance in different energy processes. Due to the
advanced technologies such as building automation systems and
smart meters, the demand response control strategies in buildings
could be implemented to realize this bidirectional operation mode
between power grids and buildings. Fig. 3 illustrates the technol-
ogy infrastructure for implementation of the fast building demand
response method supported by the proposed supply-based feed-
back control, which establishes the communication and interaction
between building automation systems of (commercial or non-
residential) buildings and smart grids via smart meters. The smart
meters are the interface or bridge for the communication between
a power grid and buildings to achieve interaction and optimization.

When there is an urgent DR request from a smart grid (e.g., sud-
den price incentive or power reduction request), a fast demand
response and power limiting control strategy is proposed to
achieve an immediate power reduction by proper control of the
air-conditioning systems in buildings. A schematic of the control
strategy is shown in Fig. 4. Once a DR request is received from
the grid, a power demand optimization module, based on the
incentive and using the building power demand predictor, deter-
mines the power limiting threshold and system alternative settings
during the DR event, including the numbers of chillers and sec-
ondary pumps to be shut down and fan speeds as well. With the
power limiting threshold and instantaneous power demand mea-
sured by the power meter, the chiller load regulator fine-tunes
the chiller power consumption by adjusting the chilled water flow.
The purpose of using this chiller load regulator is to adjust the
power consumption of the air-conditioning system allowing the
total building power consumption within preset limiting thresh-
old. According to the total cooling that can be delivered to users,
cooling distributors are used to distribute the cooling supply using
the developed supply-based feedback control strategy instead of
conventional demand-based feedback control strategy. At the
water side, the global cooling distributor determines the distribu-
tion of chilled water to individual AHUs (i.e., zones) based on the
measured temperatures of return air to AHUs. At the air side, for
each zone, a local cooling distributor is used to determine the dis-
tribution of supply air flow to individual VAV boxes (i.e., spaces)
based on the measured return air temperatures of the spaces. This
paper focuses on the newly proposed supply-based feedback con-
trol of air-conditioning systems at both the water and air sides,
which solves the inherent problems of conventional demand-
based feedback control of air-conditioning systems when the fast
demand response and power limiting control strategy is imple-
mented. The development and use of the building power demand
predictor [16], power demand optimization [16] and chiller load
regulator [33] can be found in previous publications.
4. Cooling distributor based on adaptive utility function

With limited cooling supply in a building when some essential
operating chillers are shut down, the cooling distributors are
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
responding to urgent requests of smart grids. Appl Energy (2016), http://dx.do
responsible for managing the cooling distribution among individ-
ual air-conditioned spaces to realize even reduction of the comfort
level. As shown in Figs. 2 and 4, a global cooling distributor is
employed at the chilled water side while a local cooling distributor
is employed at the air side and the working principles of these two
cooling distributors are similar. It is worth noticing that more or
less levels of cooling distributors could be employed according to
the configuration of the air-conditioning system in a building.
Fig. 5 explains the basic mechanism in managing the distribution
among n zones. Generally, n zones should reach a uniform target
value of thermal comfort index constrained by the total cooling
resource provided. Compared with the target value determined,
the cooling allocated to zones (e.g., 1, 2) with lower thermal com-
fort index should be increased while the cooling allocated to the
zones (e.g., n) with higher thermal comfort index should be
reduced. The change of cooling to each zone is determined by
the difference between the target value and the current value of
its thermal comfort index (i.e., DU). This process is similar to the
resource distribution issue according to one’s need with limited
resource based on the utility concept in economic field. ‘‘Utility”
represents satisfaction experienced by the consumer of a good.
Utility function expresses the utility as a function of the amount
of the resource consumed [34]. This concept is commonly used
in economics field. It is also used in many other areas besides eco-
nomics. For example, utility function is widely used in wireless
resource management, such as bandwidth allocation [35,36]. This
concept is also adopted to solve the operation problems in air-
conditioning systems [32].

In this study, the utility value is the thermal comfort index and
utility function describes the relationship between the thermal
comfort index and the cooling supply allocated. The cooling dis-
tributor based on adaptive utility function is developed to achieve
supply-based feedback control strategy of an air-conditioning sys-
tem during a DR period, while adaptive utility function is proposed
to update one of the two parameters of the utility function online
for better accuracy and simplicity of parameter identification.
4.1. Concept of utility value

In this study, the utility value represents the thermal comfort
simply represented by the indoor air temperature, as illustrated
in Eq. (1).

Ui ¼ 1� jTi � Tset;ij
Tband

Ui 2 ½0;1� ð1Þ

where Ui is the utility value of ith zone/space, Ti is the measured
indoor air temperature of ith zone/space. Tset;i is the reference set-
point (i.e., 24 �C in this study) of indoor air temperature which is
predefined for normal operation. Tband is a very large deviation
between Ti and Tset;i, which should be large enough to fully cover
the whole possible indoor temperature range of spaces during DR
events. Its value is set to be 10 �C in this study.
4.2. Concept of adaptive utility function

The chilled water flow at the water side or air flow at the air
side are the allocated resources for each zone or space, and utility
function is defined as Eq. (2) [32].

Ui ¼ �aiðMi �Mset;iÞ2 þ 1; Mi < Mset;i ð2Þ

where Mi is the chilled water/air flow rate supplied to ith zone/
space. Mset,i is a fictitious reference value of the water/air flow rate
which is required to maintain the indoor air temperature at its
original set-point before DR events but under current cooling load
rol strategy of air-conditioning systems for direct load control of buildings
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condition. ai is a parameter representing the thermodynamic char-
acteristics of ith zone/space.

In fact, the utility value (i.e., indoor air temperature) is also
affected by a few other factors, such as the supply air temperature.
However, during a very short time interval, those factors can be
considered unchanged and the utility function with fixed parame-
ters correlating the indoor air temperature with chilled water flow
or air flow is valid. To allow the use of the utility function over the
entire working range during a DR event, one of the two parameters
of the utility function is updated online and the adaptive utility
function is employed.

4.3. Parameter identification of adaptive utility function

In adaptive utility function, two parameters, Mset,i and ai, are
needed to be determined before application. Mset,i is identified
and updated online and ai is identified offline prior to application.

4.3.1. Offline identification of parameter ai
The parameter ai for ith zone/space is identified prior to online

application. Although ‘ai’ is not a constant coefficient and changes
due to the change of cooling load, it has no significant impact on
the actual control performance of the water/air flow distribution
among individual zones/spaces during DR events. This is because
of the way of using the adaptive utility function (i.e., online updat-
ing of the other parameter, Mset,i), which is demonstrated in Sec-
tion 6. Therefore, constant values but different for individual
zones/spaces are predefined in this study.

In principle, ‘ai’ varies mainly due to the changes of cooling load,
which can be roughly estimated by the chilled water flow or air
flow. The identification method developed in the previous study
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[32] is not convenient for practical application. A very simple iden-
tification method, therefore, is developed because of the robust-
ness of the utility function with an inaccurate ‘ai’. Based on the
utility function (i.e., Eq. (2)), ‘ai’ can be used to present the change
of indoor air temperature corresponding a change of chilled water
flow (or air flow) at current cooling load, as shown in Eq. (3).

ai ¼ DTi

10� DM2
i

ð3Þ

DTi ¼ ðTout;i � Tset;iÞ þ 5 ð4Þ
where DTi is the indoor air temperature rise (stabilized) of ith zone/
space when the air-conditioning system is shut down. DMi is the
chilled water flow rate/air flow just before shutting down the air-
conditioning system. To have a better reliability and simplify the
identification process, the system design data are used. For identify-
ing ‘ai’, when the air-conditioning system is working, the indoor air
temperature is assumed to be its design value. When the air-
conditioning system is off, the indoor air temperature is assumed
to be 5 �C higher than the design outdoor air temperature (Tout;i).
Then, DTi can be calculated by Eq. (4).

4.3.2. Online parameter identification of Mset,i

Having the parameter ‘‘ai” as a constant, the value of Mset,i at
current time step k is determined by the current measured chilled

water/air flow rate Mk
i

� �
and utility value Uk

i

� �
, as shown in

Eq. (5). In practical applications, the field measurements always
have obvious noise and fluctuation. To solve this problem, a simple
filter using a forgetting factor is applied to smooth the updated
parameter, Mset,i, as shown in Eq. (6). Having the updated
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parameter (Mset,i), the utility function can be used to estimate the
water/air flow rate needed to achieve any target utility value for
a zone/space after rewriting Eq. (2) as shown in Eq. (7).

Mk
set;i ¼ Mk

i þ
ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
1� Uk

i

ai

s
ð5Þ
Mk
set;i ¼ kMk�1

set;i þ ð1� kÞMk
set;i ð6Þ
Mk
sp;i ¼ Mk

set;i �
ffiffiffiffiffiffiffiffiffiffiffiffiffiffiffiffi
1� Uk

sp

ai

s
ð7Þ

where Uk
sp is the target utility value of all zones/spaces at current

time step, which is the expected utility value if the temperatures
of all zones/spaces are controlled to be the same. k is the forgetting
factor selected to be 0.95 in this study.
4.4. Overall procedure of cooling distribution

A global cooling distributor and a few local cooling distributors
are developed to continuously update the set-points of chilled
water flows to different zones and air flows to different spaces
within zones, respectively. At each time step, the set-points are
reset aiming at maintaining the same indoor air temperature rise,
i.e., the same utility value, among different zones/spaces, as illus-
trated in Eq. (8). For the chilled water distribution, the total chilled
water flow distributed is set to be equal to that in the primary loop,
which can fully take advantage of the cooling supply and prevent
the deficit flow problems, as shown in Eq. (9). The water flow rate
of each AHU (zone) is controlled at the given set-point from the
global cooling distributor by modulating the flow control valve
based on a feedback (PID) control (see Fig. 4). At the air-side, the
speed of supply fan and the total air flow rate are kept at the same
as that at the start of DR events, which can prevent the increased
fan power consumption and maintain the relative humidity of
spaces not too high. This also avoids offsetting the power reduction
at the water side during DR events and relieving the effect of DR
control. Thus, the air flow distributor should meet the constraint,
that is, the sum of air flow rate distributed to individual spaces
should be equal to the total air flow rate to be distributed, as
shown in Eq. (10). The air flows of the VAV boxes are then con-
trolled at their set-points determined by their local cooling distrib-
utors by modulating the air dampers.

Xn
i¼1

ðUi � UiÞ2 ¼ 0 ð8Þ
Xn

i¼1

Msp;w;i �Mw;tot

�����
����� < e ð9Þ
Xn

i¼1

Msp;a;i �Ma;tot

�����
����� < g ð10Þ

where Ui is the utility value of ith zone/space at a time step. Ui is the
average utility of all zones/spaces. n is the total number of zones/
spaces. Msp,w,i is the chilled water flow rate set-point of ith zone
at current time step. Mw,tot is the total available chilled water flows
in the primary loop. Msp,a,i is the air flow rate set-point of ith space
at current time step. Ma,tot is the total air flow to be distributed in a
zone.e, g are the preset thresholds.
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
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4.5. The process of cooling distribution

At the start of a time step, the current state variables, including:

the indoor air temperatures of individual zones Tk
w;i

� �
and spaces

Tk
a;i

� �
, the water flow of each zone Mk

w;i

� �
and the total water flow

provided in the primary loop Mk
w;tot

� �
for the global cooling distribu-

tor, the air flow of each space Mk
a;i

� �
and the total air flow supply

Mk
a;tot

� �
for the local cooling distributors, are collected. Fig. 6 shows

the computation flow chart of the local cooling distributor for the
air side system in a zone associated with one AHU. The utility value

of each space Uk
a;i

� �
is calculated based on the definition (Eq. (1)).

Then, the parameter Mk
set;i

� �
of the utility function for each space is

updated online using the current utility value and actual air flow
(Eq. (5)), followed by a data filter (Eq. (6)). The average of the actual
utility values of all spaceswithin the zone is used as the initial control

target value for all spaces and the air flow rate set-point Mk
sp;a;i

� �
of

each space is determined using the updated utility function
(Eq. (7)), which correlates the utility value and air flow rate of the
space. Finally, a flow limit check and fine-tune scheme is employed
to check whether the sum of the calculated air flow rate set-pointsPn

i¼1M
k
sp;a;i

� �
is equal to the actual total available air flow rate

Mk
a;tot

� �
. If the

Pn
i¼1M

k
sp;a;i is no equal toMk

a;tot , the target utility value

Uk
sp;a

� �
will befine-tunedbyaddingor subtractingapredefined incre-

mental (Dv). The updated target utility value is then used to calculate
the air flow set-points again until the difference between the sum of
air flow set-points and the actual total flow rate is within a preset

threshold (g). The final air flow rate set-point Mk
sp;a;i

� �
of each space

is then set as the set-point for the air flow control of the VAV box.
The computation process of the global cooling distributor for

managing the water distribution at the water side is the same,

except the measurements Mk
a;tot ; Mk

a;i; Tk
a;i

� �
at the air side are

replaced by the measurements Mk
w;tot ; Mk

w;i; Tk
w;i

� �
at the water side

respectively.
After DR events, the proposed control strategy is not released

until the indoor air temperatures resume to their original set-
points. This can maintain the indoor air temperature at nearly
same recover speed and particularly avoid the secondary pumps
and fans operated at full capacity due to the high cooling demand
in rebound period.
5. Test platform

Computer-based dynamic simulation is adopted, as an effective
mean, to test and validate the online control strategies. In this
study, a virtual test platform is built to test the proposed fast
demand response and power limiting control strategy using
dynamic models developed on TRNSYS [37]. This test platform
employs detailed physical models including the building envelop
and major components (e.g. chillers, pumps, fans, hydraulic net-
work, air ducts, AHUs) of a central air-conditioning system. The
dynamic processes of heat transfer, hydraulic characteristics, water
flow and air flow balance scheme, energy conservation and con-
trols among the whole system are simulated.

The central chiller plant used in the study is a typical primary
constant-secondary variable chilled water system. It consists of
six identical chillers with rated capacity of 4080 kW and two sec-
ondary water pumps. The cooling source for the building comes
rol strategy of air-conditioning systems for direct load control of buildings
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Table 1
The value of parameter ai for validation.

Case 1 Case 2 Case 3 Case 4

Zone 1 0.039 0.034 0.1 0.1
Zone 2 0.033 0.030 0.1 0.1
Zone 3 0.030 0.026 0.026 0.1
Zone 4 0.021 0.021 0.021 0.01
Zone 5 0.056 0.048 0.01 0.01
Zone 6 0.043 0.040 0.01 0.01

The bolditalics are the values with significant changes compared with the identified
values to test the robustness of ai.
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Fig. 8. Indoor air temperature profiles of zones in DR tests using conventional and
proposed strategies.
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from the chilled water circulating in the AHUs which cooled down
the supply air temperature to a predefined set-point. The building
is a high-rise building simulated by a multi-zone model (Type 56)
in TRNSYS. Six air-conditioned zones with different cooling load
profiles in this building cooled by six AHUs are selected to demon-
strate the water side cooling distribution and control strategy.

Considering the air side, a VAV system in one of the six zones
served by one AHU is simulated in detail, which consists of a sup-
ply and a return fan with rated capacity 34 kW and 32 kW respec-
tively. The VAV system contains eight spaces with different cooling
load profiles and air duct resistance is also concerned. The design
supply air static pressure is 650 Pa and fresh air flow set-point of
this system is set to be a constant value according to the ASHRAE
Standard 62.1-2013.

The office hour of the building is between 08:00 am and
18:00 pm and the DR period is two hours between 15:00 pm and
17:00 pm in a summer day in Hong Kong. The original indoor air
temperature set-point in normal condition is set to be 24 �C. In
the test, there are four operating chillers before the start of the
DR event, and two operating chillers are shut down at the start
of the DR event and two chillers remain to operate.
6. Results and discussions

6.1. The robustness of parameter ai

Four test cases were conducted to test and validate the impact
of parameter ai on the robustness of the adaptive utility function in
Demand response 
event
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Fig. 7. Indoor temperature profiles of four
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online applications. The values of ‘ai’ in Case 1 was determined
based on the method described a previous study [32]. In Case 2,
the values were estimated by simplified approach, i.e., using Eq.
(3), and the values of ai in the other two cases were selected to
be very different from the relatively accurate values (i.e., identified
in Case 1). Because the working mechanism of the cooling distrib-
utors for the air side was similar to that for the water side, this case
study was carried out at the water side only. The test platform used
was described in Section 5. The values of ‘ai’ in the four test cases
are listed in Table 1.
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Fig. 9. Chilled water flow profiles of zones in DR tests using conventional and proposed strategies.
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The results of the four test cases are shown in Fig. 7. In Case 2,
although the values of parameter ai of some zones were seriously
deviated from the estimated values, the controlled indoor air tem-
peratures of the six zones experienced slight different at the start
of the DR period, then quickly approached the very similar profiles
within very short time and last during the whole DR event.
Although the values of ‘ai’ of certain zones had very significant
changes, the indoor air temperature profiles in Case 3 and Case 4
were affected noticeably but the differences between the con-
trolled indoor air temperature profiles of different zones were very
small and acceptable for practical applications. It can be concluded
that the control strategy is not sensitive to the value of parameter
ai due to the use of the adaptive utility function (compensation of
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
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updated parameter Mset). Therefore, due to the robustness of
parameter ai, it is acceptable to determine the parameter ai offline
using the simplified estimation method for practical applications.

6.2. Test and validation of cooling distributors

The use of cooling distributors for the supply-based feedback
control strategy not just effectively solves the unbalanced distribu-
tion problems occurred at the water side and air side of an air-
conditioning system during DR events, but also achieves further
power reduction by diminishing the operation problems of sec-
ondary water pumps and air delivery fans. In addition, the power
rebound phenomenon right after DR events is also effectively
relieved.

6.2.1. Test results on the chilled water system
Fig. 8 shows the comparison among the indoor air temperature

profiles of the six zones using the conventional demand-based
feedback control and the proposed supply-based feedback control
strategies. In Fig. 8(a), using the conventional demand-based feed-
back control, the indoor air temperature profiles of the six zones
are obviously different not only during the DR event, but also right
after the DR event. This was mainly because right after the DR
event, the cooling demand was very high and individual zones
competed for the chilled water again to push their comfort levels
back to their original set-points. If the proposed control was
released right after the DR event and the conventional control
strategy was resumed accordingly, the unbalanced indoor air tem-
perature rises among individual zones would happen again.

In Fig. 8(b), it can be observed that the temperature profiles of
the six zones are almost the same during the DR event using the
rol strategy of air-conditioning systems for direct load control of buildings
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Fig. 12. Indoor relative humidity profiles of spaces in DR tests using conventional and proposed strategies.
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Fig. 11. Indoor air temperature profiles of spaces in DR tests using conventional and proposed strategies.
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Fig. 13. Air flow profiles of spaces in DR tests using conventional and proposed strategies.
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proposed control strategy when the cooling supply from chillers is
limited and have the similar resume profiles after the DR event.
The indoor air temperature at 16:00 pm had an obvious jump
because there was a significant step change introduced on the solar
radiation at 16:00 pm. This can demonstrate the robustness of pro-
posed control strategy based on adaptive utility function when fac-
ing sudden significant changes of cooling loads. After the
conventional feedback control was resumed when the indoor air
temperature approached their original set-points, the profiles
experienced a little differences among individual zones as the
results of the handover between the control strategies.

Fig. 9 presents the actual chilled water flow rates distributed to
six individual AHUs using the conventional demand-based feedback
control and the supply-based feedback control strategies. During
and right after the DR event, the proposed supply-based control
strategy achieved stable and proper chilled water distribution
among six zones, avoided the disordered water flow distribution
effectively andmaintained the same indoor air temperature profiles
among different zones, as shown in Fig. 8(b). In Fig. 9(a), using the
conventional control strategy, the water flow rates were very high
and out of control due to the competition among the zones. Fig. 10
shows the chilled water flows in the by-pass line using the conven-
tional demand-based feedback control and the proposed supply-
based feedback control strategies. The proposed control strategy
could eliminate the deficit flow and keep the water flow rate in the
by-pass line about zero during the DR eventwhile therewas serious
deficit flow when using the conventional strategies.
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
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6.2.2. Test results on air-side system
Fig. 11 shows the indoor air temperature profiles of eight spaces

using the conventional demand-based feedback control and the
proposed supply-based feedback control strategies. In Fig. 11(a),
the indoor air temperature profiles of the eight spaces were obvi-
ously different both during and right after the DR event. This was
mainly because the cooling demand was very high right after the
DR event and the individual spaces would compete for the air flow
again after the DR event to push their comfort levels back to their
original set-points. When the proposed control strategy was
adopted, the temperature profiles of the eight spaces were almost
the same during the DR event with the limited cooling supply from
chillers and also had a similar resume profiles after the DR event, as
shown in Fig. 11(b). The slight fluctuation was caused by handover
between the control strategies after the indoor air temperatures of
eight spaces resumed to their original set-points.

Fig. 12 shows a comparison of the indoor relative humidity of
the eight spaces using the conventional demand-based feedback
control and the supply-based feedback control strategies. During
the DR event, using the conventional control, the relative humidity
of these spaces increased seriously and the maximum value
reached nearly 83%, which was much higher than the acceptable
range of indoor air relative humidity. Moreover, the significant dif-
ferences among spaces were primarily caused by the unbalanced
air flow distribution. Although the relative humidity was not the
main control objective of the proposed control strategy, the rela-
tive humidity of spaces did not increase as high as that using the
rol strategy of air-conditioning systems for direct load control of buildings
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conventional control, and amounts of increase in some spaces were
over 10% less (i.e., reduced from 83% to 72%). It was benefited from
the supply fans control. During the DR event, the supply fan was
set to be nearly the same speed as that right before the DR event
instead of running at full speed. In this case, the supply air temper-
ature would not increase so high due to the decreased total air flow
rate by limiting the speed of the supply fan. The control strategy
was not switched to the conventional control strategy until the
indoor air temperatures of spaces got right. Fig. 13 presents the
air flow rates distributed to individual spaces using the conven-
tional demand-based feedback control and the supply-based feed-
back control strategies. During and right after the DR event, the
proposed supply-based control strategy achieved stable and proper
air flow distribution among eight spaces, avoided the disordered
air flow distribution effectively and maintained the same indoor
air temperature profiles among different spaces, as shown in
Fig. 11(b).
6.2.3. Power consumption of the air-conditioning system
The primary objective of the DR control is to achieve power

reduction as much as possible. Shutting down some of the operat-
ing chillers directly might be failure to realize a fast power reduc-
tion if the whole air-conditioning system is still controlled by the
conventional demand-based feedback control strategies. Fig. 14
compares the total power consumptions using the two control
strategies, including the chillers, the (primary and secondary)
water pumps and the (supply and return) fans. It can be observed
that, using the conventional demand-based feedback control, the
extra power consumption caused by full speed operation of the
secondary pumps and fans almost offsets the effect of shutting
down chillers. This phenomenon was more seriously compared
with the result presented in the previous publication of the authors
[32] since only the power effect of full speed operation of sec-
ondary pumps (excluding the fans in air-side) was considered
there. During the DR event, the proposed control strategy could
achieve a power reduction about 1200 kW, accounting for 24% of
the power consumption compared with that right before the start
of the DR event, while there was almost no power reduction (even
increased) due to the compensation of increased power consump-
tion of pumps and fans when using the conventional demand-
based feedback control strategies. In addition, it is worth noticing
that an obvious rebound phenomenon can be observed after the
DR event when the conventional demand-based feedback control
strategy was used. Right after the DR event, the cooling demand
was very high as individual zones/spaces competed for the pro-
vided cooling again to push their comfort levels back to their orig-
inal set-points. The proposed power limiting control strategy was
used during and after the DR event until the indoor air tempera-
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
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tures of all zones/spaces reached their original set-points. Besides,
the number of chillers (i.e., four) was resumed to be the same as
that right before the DR event, instead of all chillers. As a result,
the power rebound was reduced by a significant amount, i.e., about
3600 kW, which was 35.4% of the original total power consump-
tion during the rebound period.

7. Conclusions

A fast demand response and power limiting control strategy is
developed which achieves fast power reduction by shutting down
some of the chillers directly. A novel control concept, cooling
supply-based feedback control strategy, employing global and local
cooling distributors based on adaptive utility function, is proposed
to properly distribute the chilled water/air flow among different
zones/spaces to maintain uniform thermal comfort sacrifice during
DR events, instead of the commonly-used demand-based feedback
control strategies.

Test results show that the proposed cooling supply-based feed-
back control strategy can facilitate the expected fast demand
response and power limiting control strategies to achieve fast
power reduction when receiving the demand response requests
from smart grids. The proposed control strategy can effectively
solve the disordered cooling distribution problem and achieve
the uniform reduction profiles of the thermal comfort among dif-
ferent zones/spaces under limited cooling supply. In addition, the
associated operation problems of using the conventional
demand-based feedback control strategies, such as deficit flow
and excessive speeding of secondary pumps and fans, are avoided.
The increase of relative humidity is also alleviated during DR
events. With the support of the proposed control strategy, the DR
control strategy could achieve a significant power reduction, i.e.,
24% of the power consumption with acceptable thermal comfort
sacrifice. Furthermore, the use of the proposed strategy could sig-
nificantly reduce the level of the power rebound after DR events
and allow the air-conditioning systems to resume normal opera-
tion/control much quickly.

Acknowledgements

The research presented in this paper is financially supported by
a grant (152152/15E) of the Research Grant Council (RGC) of the
Hong Kong SAR.

References

[1] Agency IE. IEA statistics: world energy statistics and balances: organisation for
economic co-operation and development. International Energy Agency; 1989.

[2] Yuan J, Hu Z. Low carbon electricity development in China—an IRSP
perspective based on Super Smart Grid. Renew Sustain Energy Rev
2011;15:2707–13.

[3] Pinson P, Madsen H. Benefits and challenges of electrical demand response: a
critical review. Renew Sustain Energy Rev 2014;39:686–99.

[4] Wang SW, Xue X, Yan CC. Building power demand response methods toward
smart grid. HVAC&R Res 2014;20:665–87.

[5] Chakrabortty A, Ilic MD. Control and optimization methods for electric smart
grids. Springer; 2012.

[6] Chen Y, Li J. Comparison of security constrained economic dispatch
formulations to incorporate reliability standards on demand response
resources into Midwest ISO co-optimized energy and ancillary service
market. Electr Power Syst Res 2011;81:1786–95.

[7] DoE U. Buildings energy databook. Energy Efficiency & Renewable Energy
Department; 2011.

[8] Electrical and Mechanical Services Department of Hong Kong. Hong Kong
Energy End-use Data; 2012. <http://www.emsd.gov.hk/emsd/e_download/
pee/HKEEUD2012.pdf>.

[9] DOE. 2011 DOE building energy data book, March 2012; 2011. <http://
buildingsdatabook.eren.doe.gov/>.

[10] Toronto hydro electric system peaksaver; 2010. <http://
www.torontohydro.com/peaksaver>.

[11] Yoon JH, Bladick R, Novoselac A. Demand response for residential buildings
based on dynamic price of electricity. Energy Build 2014;80:531–41.
rol strategy of air-conditioning systems for direct load control of buildings
i.org/10.1016/j.apenergy.2016.10.067

http://refhub.elsevier.com/S0306-2619(16)31507-0/h0005
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0005
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0010
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0010
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0010
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0015
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0015
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0020
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0020
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0025
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0025
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0030
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0030
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0030
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0030
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0035
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0035
http://www.emsd.gov.hk/emsd/e_download/pee/HKEEUD2012.pdf
http://www.emsd.gov.hk/emsd/e_download/pee/HKEEUD2012.pdf
http://buildingsdatabook.eren.doe.gov/
http://buildingsdatabook.eren.doe.gov/
http://www.torontohydro.com/peaksaver
http://www.torontohydro.com/peaksaver
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0055
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0055
http://dx.doi.org/10.1016/j.apenergy.2016.10.067


14 S. Wang, R. Tang / Applied Energy xxx (2016) xxx–xxx
[12] Grondzik WT, Kwok AG. Mechanical and electrical equipment for
buildings. John wiley & sons; 2014.

[13] Wei M, Houser KW, Orland B, Lang DH, Ram N, Sliwinski MJ, et al. Field study
of office worker responses to fluorescent lighting of different CCT and lumen
output. J Environ Psychol 2014;39:62–76.

[14] Herter K, McAuliffe P, Rosenfeld A. An exploratory analysis of California
residential customer response to critical peak pricing of electricity. Energy
2007;32:25–34.

[15] Xu P, Haves P, Piette MA, Braun J. Peak demand reduction from pre-cooling
with zone temperature reset in an office building. Lawrence Berkeley National
Laboratory; 2004.

[16] Xue X, Wang SW, Sun YJ, Xiao F. An interactive building power demand
management strategy for facilitating smart grid optimization. Appl Energy
2014;116:297–310.

[17] Kirby B, Kueck J, Laughner T, Morris K. Spinning reserve from hotel load
response. Electricity J 2008;21:59–66.

[18] Fukai J, Hamada Y, Morozumi Y, Miyatake O. Improvement of thermal
characteristics of latent heat thermal energy storage units using carbon-fiber
brushes: experiments and modeling. Int J Heat Mass Transf 2003;46:4513–25.

[19] Kousksou T, El Rhafiki T, El Omari K, Zeraouli Y, Le Guer Y. Forced convective
heat transfer in supercooled phase-change material suspensions with
stochastic crystallization. Int J Refrig 2010;33:1569–82.

[20] Sharma A, Tyagi V, Chen C, Buddhi D. Review on thermal energy storage with
phase change materials and applications. Renew Sustain Energy Rev
2009;13:318–45.

[21] Kuznik F, David D, Johannes K, Roux J-J. A review on phase change materials
integrated in building walls. Renew Sustain Energy Rev 2011;15:379–91.

[22] Henze GP, Felsmann C, Knabe G. Evaluation of optimal control for active and
passive building thermal storage. Int J Therm Sci 2004;43:173–83.

[23] Hajiah A, Krarti M. Optimal control of building storage systems using both ice
storage and thermal mass–Part I: simulation environment. Energy Convers
Manage 2012;64:499–508.

[24] Hajiah A, Krarti M. Optimal controls of building storage systems using both ice
storage and thermal mass–Part II: parametric analysis. Energy Convers
Manage 2012;64:509–15.
Please cite this article in press as: Wang S, Tang R. Supply-based feedback cont
responding to urgent requests of smart grids. Appl Energy (2016), http://dx.do
[25] Bentz DP, Turpin R. Potential applications of phase change materials in
concrete technology. Cement Concr Compos 2007;29:527–32.

[26] Tyagi V, Kaushik S, Tyagi S, Akiyama T. Development of phase change materials
based microencapsulated technology for buildings: a review. Renew Sustain
Energy Rev 2011;15:1373–91.

[27] de Gracia A, Navarro L, Castell A, Ruiz-Pardo Á, Álvarez S, Cabeza LF. Thermal
analysis of a ventilated facade with PCM for cooling applications. Energy Build
2013;65:508–15.

[28] Zhu N, Wang SW, Xu XH, Ma ZJ. A simplified dynamic model of building
structures integrated with shaped-stabilized phase change materials. Int J
Therm Sci 2010;49:1722–31.

[29] Shan K, Wang SW, Yan CC, Xiao F. Building demand response and control
methods for smart grids: a review. Sci Technol the Built Environ 2016:00–10.

[30] CLP. CLP information kit; 2014. <https://www.clpgroup.com/en/Investors-
Information-site/Financial%20Reports%20%20Document/2013E109.pdf>.

[31] Xue X, Wang SW, Yan CC, Cui BR. A fast chiller power demand response control
strategy for buildings connected to smart grid. Appl Energy 2015;137:77–87.

[32] Tang R, Wang SW, Gao DC, Shan K. A power limiting control strategy based on
adaptive utility function for fast demand response of buildings in smart grids.
Sci Technol the Built Environ 2016;22(6):810–9.

[33] Cui BR, Gao D-C, Wang SW, Xue X. Effectiveness and life-cycle cost-benefit
analysis of active cold storages for building demand management for smart
grid applications. Appl Energy 2015;147:523–35.

[34] Varian HR. Microeconomic analysis; 1992.
[35] Kuo W-H, Liao W. Utility-based resource allocation in wireless networks. IEEE

Trans Wireless Commun 2007;6:3600–6.
[36] Kalyanasundaram S, Chong EK, Shroff NB. Optimal resource allocation in

multi-class networks with user-specified utility functions. Comput Netw
2002;38:613–30.

[37] Wang SW. Dynamic simulation of a building central chilling system and
evaluation of EMCS on-line control strategies. Build Environ 1998;33:1–20.
rol strategy of air-conditioning systems for direct load control of buildings
i.org/10.1016/j.apenergy.2016.10.067

http://refhub.elsevier.com/S0306-2619(16)31507-0/h0060
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0060
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0065
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0065
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0065
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0070
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0070
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0070
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0075
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0075
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0075
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0080
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0080
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0080
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0085
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0085
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0090
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0090
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0090
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0095
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0095
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0095
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0100
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0100
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0100
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0105
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0105
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0110
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0110
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0115
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0115
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0115
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0120
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0120
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0120
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0125
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0125
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0130
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0130
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0130
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0135
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0135
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0135
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0140
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0140
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0140
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0145
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0145
https://www.clpgroup.com/en/Investors-Information-site/Financial%20Reports%20%20Document/2013E109.pdf
https://www.clpgroup.com/en/Investors-Information-site/Financial%20Reports%20%20Document/2013E109.pdf
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0155
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0155
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0160
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0160
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0160
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0165
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0165
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0165
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0175
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0175
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0180
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0180
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0180
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0185
http://refhub.elsevier.com/S0306-2619(16)31507-0/h0185
http://dx.doi.org/10.1016/j.apenergy.2016.10.067

	Supply-based feedback control strategy of air-conditioning systems for direct load control of buildings responding to urgent requests of smart grids
	1 Introduction
	2 Problems of conventional demand-based feedback control in DR events and concept of proposed supply-based feedback control
	3 Proposed fast demand response and power limiting control strategy
	4 Cooling distributor based on adaptive utility function
	4.1 Concept of utility value
	4.2 Concept of adaptive utility function
	4.3 Parameter identification of adaptive utility function
	4.3.1 Offline identification of parameter ai
	4.3.2 Online parameter identification of Mset,i

	4.4 Overall procedure of cooling distribution
	4.5 The process of cooling distribution

	5 Test platform
	6 Results and discussions
	6.1 The robustness of parameter ai
	6.2 Test and validation of cooling distributors
	6.2.1 Test results on the chilled water system
	6.2.2 Test results on air-side system
	6.2.3 Power consumption of the air-conditioning system


	7 Conclusions
	Acknowledgements
	References


